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Summary

Decision tree learning and rule induction are the main components of the current data mining
(DM) algorithms, but machine learning (ML) is not a part of DM, it has its own identity just as
statistics does. In this article, some of the exisiting techniques of ML that are useful for DM are
reviewed and discussed. These include attribute selection methods, three learning paradigms (decision
tree learning, inductive logic programming, graph-based induction) and scientific discovery. There
is no doubt that ML forms the core of DM, but the current algorithms, although being successfully
applied to real world problems, still suffer from computational complexity, especially for first order

language learners that are most expressive.
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